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KEY ATTRIBUTES GROK VISUALIZATION SHOULD EVOKE:

INFORMATIV




POSITIONING:

+ Grok will be a category defining, once-in-a-decade product that reveals an
exciting future. Grok will not be like other business analytics tools in that it will
not be expensive, specialist oriented, or perceived as only being a high-end
product.

* Grok is not a predictive analysis or business intelligence tool. It is a prediction
service to be leveraged by a wide range of user, not only experts.

» Grok brings predictive capability to a whole new market.




GOALS AND OBJECTIVES:

- Grok will open up the use of predictive capabilities to a much wider audience
than the vertically focused, enterprise use seen today.

- Grok will be an integral and essential tool for understanding data and making de-
cisions based on that data.

. Grok will become a trusted, everyday name that people choose to use when
working with data.
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GOALS AND OBJECTIVES conTINUED:

- Grok Visualization needs to:

- Show that models are predicting in real time, over time

+ Represent lots of models at the same time
+ Convey accuracy and degree of difficulty for each prediction |
- Contain quantitative and categorical variable representation

- Be intuitive, recognizable, and add immediate value |
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KEY MESSAGES:

+ Grok is a new tool that will improve lives.

* The technology underlying Grok will be the foundation for machine intelligence
in the future. | |

+ Grok puts predictive power in the hands of anyone with data.
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KEY DIFFERENTIATORS:

- Automated Analysis

- Ease of Use

- Public Data

-+ Streaming Orientation

- Developer Application Programing Interface (API)
- Adaptive Learning

- Temporal Learning

- Marketplace for Predictions

- Wide Range of Users
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TARGET AUDIENCES:

- Early Developers

- Early Adopters
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COMPETITOR: RAPID INSIGHT

:fRapid InSi g ht® | trust your data W Buy | Contact | Stemap | Y )

Progucts Solutions cusiomers vwebinars ArT ) L€ \DOUt US
Start with raw data... Predict outcomes...
End with actionable information Drive decisions

See our
products in

\,h..._m e e .
erd ZAnalvtics

data intelligence predictive ¥ modeling

2011-09-21: Choice Hotels Selects Rapid
Veera is a user-empowering business intelligence tool Predictive analytics has never been easier. Rapid Insight Insight for Improved Business Inlelligence
which enables analysts and non-technical users to quickly Analytics streamlines the predictive modeling and data Read Pross Release ‘
develop their own reporis and dashboards Taking the exploration process - enabling users of all abilities 1o = sl |
burden off of IT, Veera's analytic process builder allows quickly build, test, and implement statistical models al 2011-08-24: Georgla State University \
users 10 easily build their own queries, reports. and analytic  lightning speed. Build models in minutes instead of :r'”e"”c'“ Analytic Productivity with Rapid |
data marts, without any complex coding weeks nsight 9

Read Press Release

. - 'y 7 -
View Demo Free Trial " View Demo " Free Trial 2011-07-06: Rapid Insight and Brown
University to Host Predictive Modeling
Course for Fundraisers

Read Pruss Rolease

Higher Education Healthcare Business 2011-06-09: Rapid Insight Hosts User
— - - Conference with Record Attendance of

Business Intelligence Software Users
v L
'I \3

Read Press Release

2011-06-01: Rapid Insight Releases In-
Database Capabilities
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COMPETITOR: 11 ANTS ANALYTICS

} 11Ants Analytics s s
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COMPETITOR: PREDIXION SOFTWARE
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WHO WE ARE

Our masion & 10 remove the birmiars betwesn
Bl and predictive analytics by reducing the
compiaxty and high cost typcaly assocated
wih analyics

READ MORE >

LATEST NEWS

clober 11, 2071
Predioon Announces Peduon lnsght™ 2
Read more
Ooctober £ 2011
Prdinon Software Renes $6 Miion » Seres 8

dng Read more

Fus

October 4, 2019

Predason Announce s Puple Anaiytcs ss
Exchisive Reswder n Southeast Asw Read more
September 19, 2011

Predooan and BizDats Announce Stratege

Pamnenshp n Austmian Masetphoe Read maore

Poce o

by e

My Account | Login

Home Solutions Products Partners News/Events Support/Training About Us

Is your Bl Dashboard yesterday's news

WHAT WE DO

Pradiciively arable svery Microsolt Bl soluton
scaing from basic Excel analysis 10 the fully
ntegrated 8l stack with a SharePoint
gashboard

ENABLING PREDICTIVE INTELLIGENCE

Predicion predictve analylics soltions provice
objective, fact-based nformaton wheh

ncreases performance and proftabity across 3

wide range of ndustnes
Explore the possibilities...

+ Fnancial Services
+ Heatthcare
+ Manufacturng

+ eCommaerce

e QUASAR

P LT

or tomorrow's answers?

WHY PREDIXION

To empowe: busmess analysts 10 move
beyond the kmes of Excel with a powerful yet
easy-lo-use predictive ntaligence sobtion
nside Microsoft's B stack

READ MORE >

Videos & Tutorials

Predictive analytics and data mining
are now available to everyone

Visuakizations.

Innovative
Changing the Way We Look at
Predictive Analytics

BizData
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COMPETITOR: ZEMENTIS
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The secret behind exceptional s - m-

predictive analytics
Deploy. Manage. Execute. Act ADAP, -
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PRODUCTS

On the Cloud ‘ ‘

On Site ‘

In-database

For Hadoop ‘
[

Operational

Predictive Analytics Add-in For Excel

PMML Tools

‘\'v $ Free Trial
- |

On the Cloud L ‘ - et UPDATES
= SYBASE | ~27 e

1E=10/G]5]5)
3 highly ed analytics
C— .

On Site

What is it? Why use it? Who is it for?

whers bumaten v Zementis and
EMC Corporation announce In-
s solution for

o EMC

S y " acrs » nnage or massively paralel |
; S x ¢ based on open stangaras
<o EP SO RO NOwSe FOW-Citvy irnstruciuse ¥ March 14, 2011
. DEVS
Selective Zementis Clients REVOLUTION
and Zementis Deliver Decision |

Engine for R. Companies
partner to help uniock the value
of big data through real-time
predictive analytics. - February
23, 2011

( You can now foliow us on
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COMPETITOR: GOOGLE PREDICTION API

Go« JSlC code e

)

Google Prediction API Home Docs FAQ Forum Gallery Terms

What Is the Google Prediction API?

Google's cloud-based machine learning tools can help analyze your data to add the following features 1o your apphcations a Get Started!

V! Customer sentiment analysis i Spam detection
0 Message routing decisions ﬁ Upsell opportunity analysis Quick Links
« Learn more about Google Prediction AP|
8 Document and email classification 9 Diagnostics * Runthe Hallo World ex
o Try out the sample code
CJ Churn analysis 0 Suspicious activity identification
Jb Recommendation systems And much more... Featured Video
Smart App Design
Google /0 2011
RESTful API Flexible Input Multi-Platform Support
P Gooak m@ presentation by the
Asynchronous cloud-based training, automatic Numeric or text input that can Google App Engine, Apps Script Prediction AP| tleam
model selection and tuning, and the abiity 1o output hundreds of discrete (Google Docs), web & desktop 6
add training data on the fly categories or continuous values apps, and the command ne — =

11 Google - Code Home - Site Terms of Service - Privacy Policy - Site Directory

Google Code offered n: English - Espafiol - B S - E150] - Portugués - Pycoxwit - X (EtF) - (M)
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COMPETITOR: REVOLUTION ANALYTICS

Q Read the Revolubons Blog L Folow us on Twitter Get our Newsletier

F{EI/C_)LL)TION

OUR CUSTOMERS

P i) ®
CItl - <kaftfoods

Ris ... o
Business™ . . (&

NOVARTIS & m ¢ NYU
with Revolution R Enterprise

5' g
Get More Info syt st

R APPLICATIONS CONTEST
ENTER NOW for $20,000 I Prizes »

LATEST NEWS & EVENTS

Download y : j Vis Training: Reop Master Class - Oct 8 SF
Revolution R for Rev Community Ste:
FREE ademics. nterprise ' Y Waepacy SO s e
Revolution Analytics delivers advanced analytics software at half the cost of existing Gartree 1 2011 |
solutions. By bullding on open source R—the world's most powerful statistics software— drizbmatyes

with innovations In big data analysis, integration and user experience Revolution
Analytics meets the demands and requirements of modern data-driven businesses

CONTACT US GET OUR NEWSLETTER
The Revolutions Blog
B  nfo@revolutionanalybcs com Subscrbe 1o get news from Revoluton Anaytcs and

£ Caltus at 1-855-GET-REVO (1-855438-7386 helpful tips and trcks for using R, events and more

Subscribe Now

hore's a lol to ke at

winsLEs
PEAtm Ui
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COMPETITOR: SAS

Log In Woridwide Sites ¥ Contact Us
THE
POWER NEWS EVENTS CONSULTING CAREERS RESOURCE CENTER
o TO KNOW,
[T —— i seArCH

Products & Solutions Customer Success Partners Company Support & Training

About SAS
«gewgm SASis the leader in business analytics software
. and services, and the largest independent
l! vendor in the business inteligence market.
— More About SAS # . 1
SAS® 9.3
Products & Solutions Next generation analytics ol |
v |
By Solution  Bylindustry  Featured ‘
* SAS® 93 e SAS® EVAASE 1‘
e SAS® Cincal Data o SAS® Marketing '
o Opsiyon Solve the loughest business problems faster and more [
* SAS® Curriculum * SAS® OnDemand for accurately than ever with SAS.
Pas S » Find out more.
e SASE Customer Link s SAS® Social Media Analytics
Ansiytics e SASE Text Analytics
© SAS® Enferprse Guide® e SAS® Visual Data Discovery

* SASH Enterprise Miner™

lag High-Performance n SAS® 93 w Data Visuakzation
See All Products & Solutions » l

EXX] » 10 tips for organizing your SAS Enterprise Guide projects | B More News »

ok Explore
FORTUNE
» Blogs » RSS Feeds

BEST - e » CSR Report » sascom®
SN erle » Demos magazine
o » e-Newsietiers » SAS® Curriculum

vy » Knowledge Pathways&
—_—————) Exchange » Wabcasts
: » White Papers

More Resources »




COMPETITOR: SPSS/IBM
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United States

AGEWSIERELG ) 11) =t ele)fe
new direction

the recorded web

SPSS predictive analytics software and solutions

Predictive analytics helps your organization anticipate change
s0 that you can plan and carry out strategies that iImprove
outcomes. By applying predictive analytics solutions o data you
already have, your organization can uncover unexpecied
patierns and associations and develop models to guide front-
line interactions. This means you can prevent high-value
customers from leaving, sell additional services fo current
customers, develop successiul products more efficiently, or
identify and minimize fraud and risk. Predictive analytics gives

Learn more about IBM® SPSS® software

* |IBM SPSS Statslics puts the power of advanced statistical
analysis In your hands

» With IBA S Modeler, you can quickly discover patierns
and trends In your data more easily, using a unique visual
Interface supported by advanced analytics

- Get an accurale view of people’s attitudes, preferences, and

Customer Video »

The Analytics Experience
The on s ki s
" Myt an hed war

M troatme

you the knowledge 1o predict...and the power 10 act opinions with [BM SPSS Data Collection
= as
Learn more about IBM's acquisition of SPSS + Use IBM SPSS Deploymen! products lo drive high-impact a2
decisions by making analytics a vital part of your business
earn moce about IBM Business Analviics software

Trials and Demos »

White Papors »

Academic »
Embed

White Paper Customer Story

-+ Vehicle manufacturer uses IBM
SPSS to consolidate its
compelitive position

- Explore Bl, predictive analytics
and financial performance
solutions—all from your desk

- Analytics. The new path to value

,"I q" IBM Virtual Performance 2011
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COMPETITOR: INFORMATION BUILDERS

Worldwide sites

What We Do
+ Busiress

Intethingence

* Businaess Analylics
+ Pertormance Managerment

« Information Management

Hot Topics
v Predictive Analytics
* Portabie Anatytics

Data Qualty

Experts Agree

Read what Gartner Vent

gvisoey S
we sayng about Information

Buliders

What's New

Wisdom of Crowds

Information Builders tops the competition in

Learn More

Avear 5
virtually every metric in Dresner's Bl Market Study.
more
mEEE=R
Home The Company IWay Software Secvices & Suppon Products Customers
Search Privacy Staterment Site Map Contact Us Solutions Parners
Copynoht © 1996-2011. Informaton Buliders. Business intalligence and integration Without Barriars

Support

Education Contact us

Come See Us
Prodictive Analytics World NY(
New York, NY

Oct 1621

Our Customers Say

febF OCUS ' '.

both

Pam Shomiet

Director of Decision Support
ProHealth Care Medical
Associates

ot

Connect with Us
aw" = .-vvv
2 | £ ) in RETHE +)

News
Events
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COMPETITOR: OPERA SOLUTIONS

TITRNNNY "‘I

OPEM ABOUT US

Opera Solutions

} Profit From Big Data Flow

& to read more. and follow the action or

SOLUTIONS SCIENCE & TECHNOLOG

inalytics solutions for industry ano qQ«¢
CFO Rob Bothe Joins NJTC Board of
Directors
Opers CFO Rob Bothe has been named to the
New Jenwe T )
Opera s CEQ. Amab Gupta, "have a track record h1ex ' o help
g into real business opportunities aontinue 1o make a positive difference for other

wernment

NEWS & VIEWS JOIN US CONTACT US

Opera Secures 584 Million in
Growth Capital

Nigel Issa Underscores Need for Supply
Chain Visibility

IOctober issue of Supply

pgazine. Operas European

d Niget issa outlines the

chain data into

information
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DASHBOARD EXAMPLE: GOOGLE ANALYTICS

Traffic Sources -

ADVANCED SEGUENTS -

pervuem | All Traffic

ncomng Sources | €

Referrals

| i Site Usage ol Set |

» Search

‘ Camomgny

dWords
{\Comul

Vervew
L(r Content
kae Search
|

Pvears
hasense

Conversions

elp

ll All Traffic R

SourceMedium
P

SourceMedum

1Wordd ¢ >

Bounce Rate

5767%

§125%

6358%




DASHBOARD EXAMPLE: IBM/SPSS

o e T Sewen et . iEre
: - e : A, S Doew
RN, NS —:'_E_‘_\L.!“ R@p "= |

P e W®

PIOCEEN | Age Ommier At Wumane Ao Cumer Timw Sevex COA Tee  Cuem WO Decscnld  Lmew Regwmon PCAFacky MeusiMe  CE0  Festew Selection Diotmient  Logutc Genin ta SN Beomiet UM .

X8 0GCE 0w d e

— |

al e svne |
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DASHBOARD EXAMPLE: SAS

SASe* Bl Dashboard

¥ Executive Dashboard

Executive Dashboard 89

Sales Forecast Key Metrics Costs By Country

o
- Customer Salisfaction Key Staff Tumover

[ = [ — Y ——
- A ” - - -

i s 879%90% Q5% 10009 TS an
» B88% sansfied or befter 7% turnover last 12 months

P N e A PR T e e e

LI Sales YTD vs. Target Cancellation
RS S—— [ @] —_— il
+15% vs targel but weak pipeline 32 cancellations las )

Revenue By Top Country info R T Key Risks

Sales Table = “ < ¥
- ; Product Profit Detal v _V a
Country Sales by Average Costof Sale '.-\ :
| N
Month ——— 2N \
7] - - W 1| B¢

‘)

<V

)

)

Spark Country Detall Market Share

--_ x .

Cog

I

»




DASHBOARD EXAMPLE: INFORMATION BUILDERS

Jwrd we 8 9n

Home lrmert Fomat Dats  Lavout

&

Vew

Fod - Praft

/=
B 2 &
Proegt e Doy |-

v T
~ X

Pdrer

AN
sy EEZ

Srye

Mis Styke H 2 § Cats B bar
2~ gh&m a— c -t&bww 2 I!‘”[ 3'“
Eoots stee [ $ - % v WA Framugs
3 Fomat Speciic Vetalty Lirks

- @ Devermorn

= B Toe Pod
w Nre=
= B Arodxt
4 0 Prodxt Type
= ) Stece Locaton
& B Country
= @ Oames
I\ Lre of Busness
0 Port Code

L

, W ERE CORPORATESALES INVENTORY N
J W ERE CORPORATESALES. STORES E.5tr
J M ERE CORPORATESALES. ORDERS. Year £

il Query
s L 4m
[ NCE
O Quanity Y e vokes
= 8o 8,5
0 Store Nome e
B Product Type ) 8 Representaton
B 22 Agoregation Functons
F Trathc Lght Conditors
u) bht,
§ Cange Tite
A it Format
XK Delete

|

C Bectronc

FTOTAL ABC Becironcs

-
AV VidesTown

OTAL AV VidecTown

Juct Breakdown by Ste

Profit and Units Sold

Camcoriers
Cameres
Office

138em
10,383.83
anTs
900 15
94930

29.527 84

Profit Distribution by Country
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DASHBOARD EXAMPLE: RAPID INSIGHT

ZRapid Insight | ...:your s

=Y

W Buy | Contact | Stemap | (Y o

Start with raw data
End with actionable information

10s.._ .
\vésia

Veera is a user-empowenng business inteiligence oot
and non-echnical users 1o «
15 and dashboards Takin
s analysc process bulider allows

1o easily bulid their own quenes, reports. and analytic

which enables an

gata mans, without any compiex coding

Healthcare

Predict outcomes..
Drive decisions

.
-
v
L)

Znalvtics

predictive ¥ modeling

Predictive analytics has never been easier. Rap
Anaiytics streamiines the predictive mode!
exploranon process — enabling users o
quickly bulid, test. and implement statisbcal 1
ghining speed. Bulld models in minutes insy

weaks
" View Demo " Free Trial

id Insight

See our
products in
the real world

Recent Press

1-08-21: Choice Hotels Selects Rapid
for improved Business Intelligence

Read Pross Raloase

2011-08-24: Georgla State University
Increases Analytic Productivity with Rapid
Insight \J

Reod Press Release
2011-07-06  Rapid Insight and Brown

University fo Host Predictive Modeling
Course for Fundraisers

Read Press Reboase

2011-06-09: Rapid Insight Hosts User
Conference with Record Atlendance of
Business inteligence Software Users

Read Prese Rewnse

11-06-01. Rapid Insight Releases In
&

20
Database Capabilives




DASHBOARD EXAMPLE: INTERPOINT PARTNERS

2282800000000 000000

Revenue Mix Pragctions

wih Pafient Type » NFATENT and Faclly Code = Hosptal 2

e

8

o
Y

.

<
| 0 . ) . ...

Revenue  Revenoe Grows Var GresaVar  Cash
12 Mooths  Last 6 Ma. Last 6 Next &

145
11.38%
15585

Pred Net Rev
Factor Mext & Moaths

k'BS'an Revenve Target 523504

rsom

Refresh

Target

Target

!\:'B Net Revenue Target 559 §6.oM Refresh
Revenue Predictions
Legend Title

Orignal Adyr2ed

B Grots Ravenus
B Nt Revenue

Net Revenue

Net Revenue Projections

12 Morths Age

Last & Morths

— INTENEIVE

i SURGICAL Unchanged
PSYCHIATRIC

i INTERSIVE PSYCHIATRIC Unchanged




DASHBOARD EXAMPLE: DATARATI

PP PP R EEE

nEh! 1 Inter sctions This Week [7] 0(.1. On omment 1 wWall Post

Fans Who Interact With Datarati

Interactions Over Time Losrn more

Ceevapgd b ¥

All Fans of Datarati

Al ¥ ans Over Time Learn more
Owesespgh  Beggbio v

B st 254 Ef Femaie 18.2¢ [0 Mate 3544
5 Woie 55+ [BF Fomole 55+ . Aa

1 Active Fans This Week[?)

Male Female

Veop Countrie

Australia

Male Female

B d

N
e
Top Countrias fop Uitias
Australia 19 Sydney

¥ View All

*
00:.«, 1 Quality [?

Mole Female

% | 0% 100%
13-17 0% 0%
1824 0% 0%
2534 100%  100%
35-44 0% 0%
4554 0 0%
55+ 0%

Top Languages

English (US) i

# 2 510ce Apr 09

Male Female
49% 46%
13-17 % 0% 0%
18-24 1% &% 9%
25-34 0% 73%
35-44 &% 3 9%
45-54 0% 1% 1%
55+ % 3%
Top Languages
142 English 265

(us)




DASHBOARD EXAMPLE: IPERCEPTIONS

=255
X_LIST Questioniabel 4 @  Purpose of vist

.ipercept ons erv VST GuestorLobel 4 @  Task completon Select Bookmark

Defaul Back ¥ Clear All

100%
80%
Google ansyses
Behaviorsl vistor type o 80%
Book
0%
20%
| 0% ~ —~
Get Intormation Check fight arrivale 8 d

Task completion

No, not at all
Only partially
Yes, completely

Contact customer support

Puchase & specaal icket

Book & special ticket View  modkfy ot cancel s Check-in and get my board Other, please specity Use ponts 10 buy
Purchase s ticket / Book Ressarch price and fight Browse specl offers Book & hotel Become » member
Purpose of vist
S — - - _#___—- —— — —— —
= e = — a1
Purchase 8 ticket / Book o - Research price snd Tight  View, modity or concel & o
ngrt Book & specsl ticket Purchase & spacial ticket osasvelion Get mformation
Court % Sg  Count kY Sy Count - Sg  Count % Sig  Court % Sy Court % Sqg
Yes, completely 274 604% " 50.0% 2 333% 33 22% 30 625% 18 500%
Ondy partially 110 242% - 186.2% 2 B¥3% 178 217% 12 250% 8 7%
INo, nct of ol 70 154% 7 NN 2 333% 654 101% 6 125% 4 133%
454 6 635  100.0% 4 100.0% 3N 100.0%
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DASHBOARD EXAMPLE: NET INSIGHT

Reports |

Netlnsight L3

Decomber 2008
M T WT FS
BIBE «
m. B'E < Vigits by customers’ LTV vs, Age Range . Life Tine Spending Range
] Customer's Life Time Spending Range
l!!!!!B 4 1. Under $500
=6 4 0 4 Above $2000
@ E @ 3‘2 a:’j 250 3. Between 51000 - $2000 212
o 2 Between $500 - $1000
Reports Overview L e 27
- 1 Unde
© 3 N-ESyvan
465 anct batie
Conversions Dashboard "
Retas Dashdoars Q'"'-\ pre.
St A =
Customer Dashboard %0
SEW Dashboard 00
Executive 250 P
200
Vartetng 150
\ . Visits and Conversion by Customers’ InCome range m- 0o ﬂ ;
Vator @ ! { { £ ¢
Trattc 1%C - 3 s . -
Technical a%e "
2%
Geographic sgend:
Vnat Ir? Lo B Munder of Viators
1% Conversons
¥ o Pag L 1 CALFORNIA. Unted Stales
+ Marketing, PPC = 2 MASSACHUSETTS, United States
+ Marketing, Referrals r ' ’ & 7 3 TEXAS, Untted States
+ Marketing Integrations ] : - 4 WASHNGTON, Unted States
Legend: 5 FLORDA Unted States
+ Retall Analysis
B Number of Viators
+ Content Analysis
Conversons
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B PRODUCTION
ANALYSIS: POUNDS 7/ WEEK STATUS:ON
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Grok Visualization

Right / Wrong How Right / How Wrong:

100—-96% 95—91% 90—86% 85—81% 80—76% 75—71% 70—66% 65—61% 60—56% 55—50%
Basic unit of time A Predictions between Predictions between

is divided into 5% 50% and 100% face up *‘? 49% and 0% face down A A A A A A
increments and are orange (warm) i and are blue (cool) A A P —

CuZABRERELLEBRIGBER:

49—-46% 45—41% 40-36% 35—-31% 30—26% 25—21% 20—16% 15—11% 10—6% 5—0%
Grok's Usefulness:

Grok’s usefulness is graded on a scale from 100% (most useful) to 0% (least useful).
When Grok's usefulness drops below a certain percentage, it is denoted by hash marks through the prediction. P o ‘_!V

,,A%AAA? ,A%AAAW%AA F' vV y
/ / : /)

Predictions measured on a scale from 100% (most right) to 0% (least right).

’
=¥

~

S

Grok VISUALIZATION

Showing Numerical Data: Showing Categorical Data: Full Color: Grayscale:

A O®®

" @® o
— : AAA_ A AAA_ A

G
\_J Prediction

® Actual

@ Correct

Prediction and Actual Data

bh

eleveneightyfivedesign
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PAST FUTURE

.

11/05/11

‘;" ";(:; ? 9‘ / :-‘,- ) _,. / H\"

PREDICTION: Color Preference DETAILED VIEW =

O prediction @ actual @ correct prediction predicted

I yellow

75%
likelihood

80%
Grok

PREDICTION STREAM / ROLLOVER / CATEGORICAL PREDICTION / RIGHT

R ...




06/05/11
ACTUAL: Color Preference predicting 75%

yellow likelihood

e () prediction ® actual (®) correct prediction FUTURE

i L AL A
i | ~~
! ‘ 4 i | \
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|- i) .
A“ 17 | .
¥y e 3 ey
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* T M4 11
—— Py~
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"
-
-
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' B
B

B OO

s00 i o

EACH COLUMN REPRESENTS A UNIT OF TIME FROM LEFT TO RIGHT

OQOI@

PREDICTION STREAM / ROLLOVER / CATEGORICAL PREDICTION / RIGHT / DETAILED VIEW POP UP
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PAST FUTURE

06/05/11

AA_ AAAA__aa _ #_AA _AA_ _AAAA

ACTUAL: Color Preference

(O prediction ®actual (®) correct prediction

PREDICTION STREAM / ROLLOVER / CATEGORICAL ACTUAL / RIGHT
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06/05/11
ACTUAL: Color Preference

. () prediction @ actual (®) correct prediction FUTURE

——

®

A A AAAA

EACH COLUMN REPRESENTS A UNIT OF TIME FROM LEFT TO RIGHT

PREDICTION STREAM / ROLLOVER / CATEGORICAL ACTUAL / RIGHT / DETAILED VIEW POP UP




oo W OAAAAAAAAAAAAAAAL,

PAST FUTURE
. L
11/05/11

A
AA_  AAAA . a0 v%w“ - BAAA_ ,_A%AAA AA_ _AAA
VY =T L / "

=
W
¥

PREDICTION: Basil Sales (Ibs/day) DETAILED VIEW =

m prediction 500LBS
per day

75%
likelihood

80%
Grok

PREDICTION STREAM / ROLLOVER / NUMERICAL PREDICTION / RIGHT
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06/05/11

ACTUAL: Basil Sales (Ibs/day) 500L8s 75%

per day likelihood

M prediction

PAST FUTURE

EACH COLUMN REPRESENTS A 30 MINUTE PERIOD

}
l
!
|
i

PREDICTION STREAM / ROLLOVER / NUMERICAL PREDICTION / RIGHT / DETAILED VIEW POP UP
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PAST FUTURE
- ' -

06/05/11

AA_ AAAA_ _.aa K _AA AYaAa_AA_ AAAA
7 W v A 7 r

m prediction mactual

PREDICTION STREAM / ROLLOVER / NUMERICAL ACTUAL / RIGHT
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06/05/11
ACTUAL: Basil Sales (Ibs/day)

W prediction ™ actual

PAST FUTURE

o

4h A_ _AAAA

EACH COLUMN REPRESENTS A 30 MINUTE PERIOD

PREDICTION STREAM / ROLLOVER / NUMERICAL ACTUAL / RIGHT / DETAILED VIEW POP UP




PAST FUTURE
' N

11/04/11

/
AA_ AAAA_ _.aa % _AAD

PREDICTION: Basil Sales (Ibs/day)

m prediction

PREDICTION STREAM / ROLLOVER / NUMERICAL PREDICTION / WRONG




PAST

‘ 3

FUTURE

—

06/04/11

/ /
o A
AAV,AAAA AAvvv%vAAT_AAAA?V_,A%AAAvAAVV AAA

ACTUAL: Basil Sales (Ibs/day) BETARED VIEW

m prediction mactual T

-65%

PREDICTION STREAM / ROLLOVER / NUMERICAL ACTUAL / WRONG
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PAST FUTURE

5/04/11

AA_ AAAA. LA “7"‘” AAAA A%AAA‘AA_ AAAA
VY>> / 7 v

PREDICTION: Basil Sales (Ibs/day) DETAILED VIEW =

m prediction

likelihood |

PREDICTION STREAM / ROLLOVER / NUMERICAL PREDICTION / RIGHT / LOW GROK SCORE
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PAST FUTURE
X L
5/05/11

AA_  AAAA . .aa___AT
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v / v v

PREDICTION: Basil Sales (Ibs/day) DETAILED VIEW =

e —— -

m prediction

PREDICTION STREAM / ROLLOVER / NUMERICAL PREDICTION / WRONG / LOW GROK SCORE
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05/05/11—11/05/11

Basil Sales (Ibs/day) ' |75|5<°e/‘|’ihood

PAST FUTURE
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UNITS CAN BE STACKED TO FIT LONGER SELECTIONS OF THE PREDICTION STREAM ONTO ONE PAGE / STREAM BEGINS IN THE UPPER RIGHT CORNER AND FOLLOWS A SNAKING PATTERN DENOTED BY ARROWS
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05/05/11—11/05/11
Basil Sales (Ibs/day)

PAST FUTURE
A AAAA A A _AA AAAA A A _AA AAAA A A AA AAAA A A A 11/05/11
I: A Aas Adas sahihAbrasAd Aasa AAa 2 Aohdo A Aaa Ada oah AdaasA _Aaa AAa oA
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GRAYSCALE OPTION FOR BLACK AND WHITE PRINTOUTS
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STANDARD UNITS (44 UNITS SHOWN)

PAST

FUTURE
AA_ AAAA. Laa__ A _AA_ AAAA AsahAa AA AAAA
UNITS COMPRESSED 50% (88 UNITS SHOWN)
PAST FUTURE

AA_ AAAAL .aa__ A AA_ AMAA aaada AL aAAAAA AAAAL _aad__ A AA_ MMM adada AA_ aAAA

UNITS COMPRESSED 75% (132 UNITS SHOWN)

PAST FUTURE

1T DTSR | T YT unn;unhu;,An;nu_,huyn;nnn?unhnA_Ln_nn_ hﬂt“,ﬂ““gﬂ“huAHlﬂ nn,,hutnfnn

UNIT WIDTH CAN BE COMPRESSED TO SHOW MORE UNITS IN THE PREDICTION STREAM AT ONCE
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Grok Visualization

Right / Wrong HOT WARM cooL COLD How Right / How Wrong:

100% — 76% 75%—-51& 50% - 26% 25% — 0%

NEWEST RESULTS

MESHINE Predictions between Predictions between
Grok's Usefulness: ° O Q o

Basic unit of time is represented by 100% and 51% are 50% and 0% are

circles arranged on a horizontal red (hot) or orange (warm) green (cool) or blue (cold)

Grok’s usefulness is graded on a scale from “extremely useful” to “not very useful"”.

This measure is represented by the thickness of the outline of the circle. <4
‘ ° ° o o O O Q w0
As the user scans the time period, hot and cold spots representing accuracy and usefulness are apparent,
MELY USEFUL

Thick red circles are very accurate and very useful, while thinner lines and cooler colors represent low accuracy and usefulness.
The user may quickly locate high accuracy by color, and high usefulness by thick outlines.

L

Grok VISUALIZATION

EXTRE SEF NOT VERY USEFUL

Showing Numerical Data: Showing Categorical Data: Full Color: Grayscale:

Monday, September 17, 2011 Monday, S ;
s | gmmmestSn 0 00000 90 9300
m ‘._,"vl‘-.‘.'
0« o & o O O = ' =
' 98% - - 759, .91 00 000000 | OO 000000
© 000000 | 60 000000
o

oco0o @

e B 0008000 | 000006003

o 1@ OO0 O 000000

|

eleveneightyfivedesign
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Monday, September 17, 2011

® ACTUAL: 65 Ibs PREDICTED: 73 lbs

B
: 98% -
Pounds per Day é‘ 75 0/ o .

1: NUMERICAL DATA: FULL COLOR WITH BLACK BACKGROUND



32323312333 213))

Monday, September 17, 2011

® ACTUAL: 65 Ibs ® PREDICTED: 73 Ibs

8% ..°

759 ... |GROK 89%

Pounds per Day

000
A

USEFULNESS

ABOVE AVERAGE)

000 000000 .0 O O 000000 O 0000 «
» 0000000 01000 000000 0000000
000 0000000 O O 000000 0 0000 <«
» 0000 O 000000 O DO 0000000 000
CO0 0 000000 0 O O 000000 .0 0000 <«
» 0 000000 O 0000% ' y | - 000000 0 000000
CO0 0 000000 0O 00C OOO O O OOO O OO 000 O 000000 0 0000 «
» 0000 O 000000 0 .000000 O OOO‘.-»OO 0000000 01000000 0000

2: NUMERICAL DATA: FULL COLOR WITH WHITE BACKGROUND
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Monday, September 17, 2011

® ACTUAL: 65 Ibs PREDICTED: 73 Ibs

® 4 °
®
Pounds per Da 34 O 2
P y O 75 / O e - oo

0000 0 0000000 00000 00000000000
008000000008 00 00000000 008600000
0000 0000006000 000000000000 0000
0000000@0 00000 00 O®00 0000000
O=00 000006000 00000000 00000

0000 O 00000000800 00NCONNLLO0000B0N00000000 0000000
0000 00000000 ,00000000 0000600 00 000010 00000000000

0000 00000000 @) - 000 00000000 00000000 0000000010000 =

3: NUMERICAL DATA: GRAYSCALE WITH BLACK BACKGROUND




Pounds per Day

00 000000000000
» 000000000080
0000080000000 0
» 0000 00000000
o800 00000
» 00200000 0000

C r;;;;;;}??;“;;‘

PP PP PP O ® W

Monday, September 17, 2011

e ACTUAL: 65 Ibs e PREDICTED: 73 Ibs

- o
s O
O AC_?CURATE

§< 75 O/ 0 = GROK 89%

o] -1 000000 010000000000 0C0O00000
» 0000000000200 00000000 000000000008 000E000 000000 0000

O 000000 0000 0O =
000000000000 E0
0000000600000 00 «
000000« 0 000
O 00 000 O O000O «
. 000000 00000080
000 .00 O 0000 0000 «

4: NUMERICAL DATA: GRAYSCALE WITH WHITE BACKGROUND
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Monday, September 17, 2011

e ACTUAL PREDICTED Il CONVERGENCE

Type of Basil §' 75 O/ 0 ?35?9&%9

Red

Green
Blue

Yellow
Purple

Orange

Brown

5: CATEGORICAL DATA: FULL COLOR WITH BLACK BACKGROUND




Monday, September 17, 2011

e ACTUAL ¢ PREDICTED I CONVERGENCE

Type of Basil §‘ 7 5 0/0 o | G RO K 89 O/ 0
: n

00 0 000000 0 O L 0O 0000000 0000 <«
> 0 000000 0000 o - t 000000 01000000
ce 0 000000 0 o = HE oo = S g —~—mw | 000000 0 0000 <
» 0000 00000000 O = & W W+ ¢ POOO 000000 0100
: 1 0O 0000000 0000 <

O° O Oo OOO O O Brown
» 0 000000 0 0000 000000 01000000

00 0 0000000 0000000 oV0O0 00 0 000000 0 000000 O 0000 <«
>» 0000 01000000 0 000000 O 000000 0000000 01000000 0000

6: CATEGORICAL DATA: FULL COLOR WITH WHITE BACKGROUND




Monday, September 17, 2011

|

e ACTUAL PREDICTED [l CONVERGENCE

= RDOO

Type of Basil nl® )] . We

,,,,,

0000 0 00000000 NDO0H0E000000H0000
00200000000000f o 0000020 100000000
0000 00000000 Off 2= 000000000000 0000
0000000000000 0 mme o - _ 00 0000 00,0000
0000000000000000 = & » — J0O00000000000000
0000 O 00000000800L00L0ONN L0000V L00000V00100000000
0000 00000000 00000000 0¥000000 00 000010 00000000200

0000 00000000 00 000 100000000 008000060 0000000010000 =

7: CATEGORICAL DATA: GRAYSCALE WITH BLACK BACKGROUND




Type of Basil

00 00000000000
» 000000000000
0000080000000
» 0000 00000000
o800 00000
» 00200000
o] - 1@
» 00000000000

0000

000000 0000000000000 0000
0000000000 00800000000

Monday, September 17, 2011

e ACTUAL * PREDICTED [l CONVERGENCE

Green e O @

Blue & q

Yellow @ [ L @ o0 . @ [ [
Purple e .: . @ @
Orange ® @® ®

Brown =)

000000
C00C 000 000000 0000

GROK 89%

OO0 000000 0000 O «
0000000008000 E0
POC000C0000000000 <«
(- 000000~ 0 000
OO0 00 000 O 0000 «
000000 00e000=0
(@) 0000 0000 <«

8: CATEGORICAL DATA: GRAYSCALE WITH WHITE BACKGROUND
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Grok VISUALIZATION

‘!?77'77??71??1?"""'7""""

Grok Visualization

How Right / How Wrong:

Right or wrong is measured on a scale from 100% (most right) at the top to 0% (least right) at the center.

Grok's Usefulness:

Grok usefulness is measured on a scale from 100% (most useful) at the bottom to 0% (least useful) at the center.

Showing Numerical Data:

Prediction Only

Prediction and Actual Data

Showing Categorical Data:

CORRECT PREDICTION

INITIAL PREDICTION

ACTUAL RESULT

Full Color:

Grayscale:

cK

eleveneightyfivedesign
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GROK DASHBOARD INITIAL VIEW




BASIL PRODUCTION view sy: monTh |

--- PREDICTED
VALUE

ACTUAL VALUE

TIME PERIOD
1.1.07 - 7.1.07

AVG ACCURACY
SCORE: 73%

POUNDS OF BASIL

AVG GROK
SCORE: 68%

GROK DASHBOARD SHOWING NUMERICAL DATA
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BASIL PRODUCTION view sy: MonTh |

POUNDS OF BASIL

65.3 POUNDS

88% ACCURATE

MAR 28, 2007

--- PREDICTED
VALUE

ACTUAL VALUE

TIME PERIOD
1.1.07 - 7.1.07

AVG ACCURACY
SCORE: 73%

AVG GROK
SCORE: 68%

GROK DASHBOARD SHOWING NUMERICAL DATA WITH MOUSEOVER




BASIL PRODUCTION view By: month | o

--- PREDICTED
VALUE

56.7 POUNDS

TIME PERIOD
1112 - 7.1.12

4

i AVG PROBABILITY
MAR 28, 2012 SCORE: 73%

POUNDS OF BASIL

AVG GROK
SCORE: 68%

GROK DASHBOARD SHOWING NUMERICAL DATA (FUTURE)




BASIL TYPE BY CATEGORY view sy: wonr | pay

tsd CORRECT PREDICTION
INITIAL PREDICTION
ACTUAL RESULT

TIME PERIOD
JUNE 7, 2007 -
JUNE 22, 2007

TYPES OF BASIL

CINNAMON ' X pe AVG ACCURACY SCORE: 81%

AVG GROK SCORE: 77%

GENOVESE E

GROK DASHBOARD SHOWING CATEGORICAL DATA
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BASIL TYPE BY CATEGORY view sy: 1ot | pay
| |

INITIAL PREDICTION

TIME PERIOD
JUNE 7, 2012 -
JUNE 22, 2012

TYPES OF BASIL

CINNAMON AVG PROBABILITY SCORE:
81%

GENOVESE AVG GROK SCORE: 77%

GROK DASHBOARD SHOWING CATEGORICAL DATA (FUTURE)
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BASIL TYPE BY CATEGORY view sy: monTH | pay
X X X E3 CORRECT PREDICTION

[5] INITIAL PREDICTION
[¢] Bl ACTUAL RESULT

TIME PERIOD
JUNE 7, 2007 -
JUNE 22, 2007

TYPES OF BASIL

CINNAMON AVG ACCURACY SCORE: 81%

AVG GROK SCORE: 77%

GENOVESE
' I ST —

GROK DASHBOARD SHOWING CATEGORICAL DATA (GRAYSCALE VERSION)
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Grok VISUALIZATION

Grok Visualization

Tﬁ

How Right / How Wrong:

Historical

High Medium Fair Poor
76-100% 51-75% 26-50% 0-25%

Right or wrong is measured on a scale from 100% (most
right) to 0% (least right). The scale of right or wrong is divided
into 4 levels represented by color and size of disc. The larger
the disc, the higher the percentage. Red denotes a high level,
purple is medium, green is fair and blue is poor.

Predicted

Q00
\ “‘,\;"

High  Medium Fair Poor
76-100% 51-75% 26-50% 0-25%

On a future prediction, right or wrong is shown with a
gray disc and a colored ring.

Grok's Usefulness:

-

Difficult
71-100%

Average Easy
31-70% 0-30%

Grok usefulness is measured on a scale from 100%
(most useful) to 0% (least useful). The scale of usefulness
is divided into 3 levels represented by an icon.

Showing Numerical Data:

1088....
_ redicteq

e,

07/07/2010

Showing Categorical Data:

O o Vv

Predicted Actual

Correct

Full Color:

Grayscale:

|
! & |\ )

eleveneightyfivedesign




1088....

@

07/07/2010

06/27/10 - 07/17/10

06/27/10 - 07/17/10
= i i . i
{00111 1T R
1. Pounds / Day

l
SO ||| LU R CCRCRT | L

2. Pounds / Week

1 1

3. Pounds / Month

GROK VISUALIZATION / NUMBER VARIANT / POUNDS PER DAY
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04/17/2012

04/07/12 - 04/27/12

04/07/12 - 04/27/12

{1 (VR f [ETEAT (

1. Pounds / Day

L0 ] 2R R Y] | ][

2. Pounds / Week

{0 R ot | R || VR | O e

3. Pounds / Month

GROK VISUALIZATION / NUMBER VARIANT / POUNDS PER DAY/ FUTURE PREDICTION

=
68%




1088.... .
990,00

@ ....................................................................................................

07/07/2010

06/27/10 - 07/17/10

06/27/10 - 07/17/10

2. Pounds / Week

. a o . o 2 @ TN . 2 0 1 . . -

3. Pounds / Month

GROK VISUALIZATION / NUMBER VARIANT / POUNDS PER WEEK

———
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C actual

D predicted

e |
68%

07/07/2010

06/27/10 - 07/17/10

a8 fi f i}
111

06/27/10 - 07/17/10

i egpelifinen)

Predicting: Direction every day

GROK VISUALIZATION / CATEGORY VARIANT
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68%

04/17/2012

04/07/12 - 04/27/12

\ 04/07/12 - 04/27/12

. - 1.0 i 1 ; : - _ . : " com—

Predicting: Direction every day

GROK VISUALIZATION / CATEGORY VARIANT/ FUTURE PREDICTION
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Grok Visualization

Right / Wrong:

Accuracy is
divided into 10%
increments and
determined by the
degree of rotation
of the Grok icon.

A Grok icon with

How Right / How Wrong:

100% 90% 80% 70% 60% 50% 20% 10 0%

the arrow pointing

straight up means

100% accuracy

while straight

down means 0% P &
accuracy. Y

Predictions are measured on a scale from 100% (top position) to 0% (bottom position).

Grok's Usefulness: Full Color: Grayscale:

Grok's usefulness or difficulty score is divided into three ranges: high, medium, and low. Each is represented by the color of the
4
006 00C0Q

inner circle
® Hign

® o 6600600 d06

‘ Low

Grok VISUALIZATION

X RofoXoN "

Showing Numerical Data: Showing Categorical Data:

The top portion of the numerical graph shows the quantitative values and predicted values while the lower portion of the graph PREDICTION AND ACTUAL DATA PREDICTION ONLY
shows the accuracy percentage. The more blue below the x-axis, the less accurate the data. Ideally, there would be no graph in
the lower half to indicate 100% accuracy. CATEGORY

PREDICTION AND ACTUAL DATA PREDICTION ONLY

g
:
,

=s s Predicted value

A realvaive @ Correct prediction % Actual result

_ A Accuracy score @ Incorrect prediction @ Prediction

dc
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GRAYSCALE VERSION

GROK ANALYSIS DASHBOARD
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Grok VISUALIZATION

Grok Visualization

Right / Wrong

100

80
70
| Basic unit of time 60 Basic unit of accuracy
is represented by 50 is divided into 10%
a single vertical bar ‘;g increments
20
10

Predictions between
50% and 100% face up
and are blue

Predictions between
49% and 0% face down
and are gray

Grok's Usefulness:

Grok's usefulness score is divided into absolutes:
“Yes," (displayed in green) means it is useful, having score

of 50% or higher. “No" (displayed in red) means it is not useful,

having a score of 49% or lower.

Showing Numerical Data:

75

Prediction Only

Prediction and Actual Data

Showing Categorical Data:

A A
B
(d A
D
E
Prediction
A Actual
Correct

How Right / How Wrong:

Predictions are measured on a scale from 100% (most right) to 0% (least right).

Full Color:

Grayscale:

‘‘‘‘‘
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User can overnide automatic setting by Data is constantly updating in real-time using dynamic display windows that actually
clicking on any point to generate show information moving up and down and changing color in a “slot machine” fashion.
specified data Data corresponds with most current point in time in the prediction window and

always aligns in the center. Information fades to gray upon the next shift

—_—

GATHER SOURCES  VIEW  ANALYSIS  PREDICTION DASHBOARD

MODEL 1: STATUS: ON OFF RECENT PREDICTIONS:

Basil Production et Fids 0oy o1

GROK REPORT

POUNDS

TIME PERIOD s PREDICTION

08/28 - 09/03 2011

89% YES

POUNDS

PREDICTED ACCURACY USEFULLNESS

ACCURACY

MOST RECENT >

User can control time viewed by sliding Indicator within widow is used for direct selection
flexible expansion window to the left and right




GATHER SOURCES  VIEW

MODEL 1:

Basil Production

NEW PREDICTION

TIME PERIOD

10/16 - 10/22 2011

ACCURACY

POUNDS PER DAY

GROK VISUALIZATION / NUMBER VARIANT / FUTURE PREDICTION

ANALYSIS ~ PREDICTION DASHBOARD

STATUS: ON OFF

POUNDS

Exx PREDICTION

MOST RECENT >

$§833333333338388388880909°

RECENT PREDICTIONS:
Best Fields: Day of V

91%

NO

PREDICTED CONFIDENCE USEFULLNESS

SAVE MODEL TO
DASHBOARD
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GATHER SOURCES ~ VIEW  ANALYSIS ~ PREDICTION DASHBOARD

MODEL 2: STATUS: ON OFF RECENT PREDICTIONS:

Types Of BaSil Best Fields: f W

GROK REPORT

BASIL QUERIES

TIME PERIOD @ PREDICTION ACTUAL ‘ CORRECT

Sweet Basil
Thai Basil
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>
o
o
&)
<
-
<<
(&

Opal Basll

Cinnamon Basil A

8/28/2011 8/29/2011 8/30/2011 8/31/2011 9/1/2011 9/2/2011 9/3/2011
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e e e e

MOST RECENT >

GROK VISUALIZATION / CATEGORY VARIANT







YVYVYVYYVYYTYTYY

eleveneightyfivedesign




